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Tab. 4- Second ANN’s architecture

Layer (Type) Output Shape Param #
Dense-1 (None, 80) 240
Dense-2 (None, 80) 6480
Dense-3 (None, 1) 81

Total param: 6,801
Trainable params: 6,801
Non-Trainable params:

0
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Tab. 5- Third ANN’s architecture

Layer (Type) Output Shape Param #
Dense-1 (None, 100) 300
Dense-2 (None, 100) 10100
Dense-3 (None, 100) 10100
Dense-4 (None, 100) 10100
Dense-5 (None, 100) 10100
Dense-6 (None, 100) 10100
Dense-7 (None, 100) 10100
Dense-8 (None, 1) 101
Total param: 61,001
Trainable params:
61,001
Non-Trainable params:
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Tab. 3- First ANN’s architecture

Layer (Type) QOutput Shape Param #
O DS 50 )18 sy 1 050 1085, (o Lis] Dense-1 (None, 800) 2400
. Dense-2 (None, 1) 801
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Tab. 6- ANN’s hyper-parameters
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Fig. 7- Third model’s training and validation loss
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Tab. 7- Loss value for training, validation and
training dataset
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Fig. 6- First and second model’s training and
validation loss
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